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IEEE : 2016 Liu, Lei
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. . IEEE 2016 .
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Processing ) il .
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super-resolution . Xinbo Gao,
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n . :
Bo Lang, Ming Liu,

Bo Lang




Di Wang,

Di Wang,
Multimodal discriminative i
_ _ IEE_E Xinbo Gao, 2016‘% Xinbo Gao,
binary embedding Transactions on . 25 % . . Xiumei -
Xiumei Wang, 4.828 2016.10 | DiWang Di Wang 4 11 7E
for large-scale Image Lihuo He 4540-45 Wang,
cross-modal retrieval Processing ' 54 11 Lihuo He,
Bo Yuan Bo Yuan
Xianglong
Xianglong Liu Liu,
_ glong HId. 2015 4F Yadong
Large-scale unsupervised IEEE Yadong Mu, . . i
. . . 45 4 Xianglong | Xianglong Mu, -
hashing with shared Transactions on | Danchen Zhang , 7.384 2015.9 ) . 19 29 P
. . 1811-18 Liu Liu Danchen
structure learning Cybernetics Bo Lang,
. 22 11 Zhang, Bo
Xuelong Li
Lang,
Xuelong Li
Large-scale multi-task Cheng
. 9 . . Cheng Deng, 2015 4 Deng,
image labeling with . . . e . .
] Signal Xianglong Liu, 112 & Xianglong Cheng Xianglong o
adaptive relevance ] 3.11 2014.8 ) . 5 10 P
. Processing Yadong Mu, 137-145 Liu Deng Liu,
discovery and feature
Jie Li I Yadong

hashing

Mu Jie Li



http://ieeexplore.ieee.org/search/searchresult.jsp?searchWithin=%22Authors%22:.QT.Di%20Wang.QT.&newsearch=true
http://ieeexplore.ieee.org/search/searchresult.jsp?searchWithin=%22Authors%22:.QT.Di%20Wang.QT.&newsearch=true

Cheng

Cheng Deng, 2015 4 Deng,
. - . . " . Huiru
Adaptive multi-bit Neurocomputin Huiru Deng, 151 & Xiang Cheng .
9 o . . . 3.317 2015.3 . Deng, 4 8 FE
quantization for hashing g Xianglong Liu, 319-326 long Liu Deng )
- Xianglong
Yuan Yuan % Liu Yuan
Yuan
. . 2014
Multiple feature kernel Xianglong Liu, iﬁ . . Xianglong
) Pattern 47 4 Xianglong | Xianglong _ o
10 hashing for large-scale . Junfeng He, 4.582 2014.2 ) ) Liu, Bo 26 36 FE
. Recognition 748-757 Liu Liu
visual search Bo Lang i Lang
Wei Liu,
) ) Jun Wang, . o Wei Liu,
11 Hashing with graphs ICML2011 B 2011.7 Wei Liu Wei Liu 36 541 &
Sanjiv Kumar, Jun Wang

Shih-Fu Chang




Wei Liu,

Wei Liu,
Compact hyperplane Jun Wang, Jun Wang
12 hashing with bilinear ICML2012 Yadong Mu, 2012.7 | WeiLiu [ WeilLiu vadong " 16 | 43 o
functions Sanjiv Kumar, Mu
Shih-Fu Chang
Hash bit selection: A Xianglong Liu, sianalon
unified solution for Junfeng He, Xianglong | Xianglong ngiong
13 ) ) CVPR2013 2013.6 ) i Liu, Bo 9 40 =
selection problems in Bo Lang, Liu Liu Lang
hashing Shi-Fu Chang ’
Wei Liu,
: : Cun Mu, - - - -
14 Discrete graph hashing NIPS2014 2014.12 Wei Liu Wei Liu Wei Liu 51 145 7B

Sanjiv Kumar,
Shih-Fu Chang




Yadong Mu,

Yadong
Hash-SVM: Scalable Gana H
kernel machines for ang Hua, Yadong Yadong | Mu, Gang .
15 . CVPR.2014 2014.6 12 26 7E
large-scale visual Wei Fan Mu Mu Hua Wei
classification
Shih-Fu Chang Fan
Wei Liu, Wei Liu,
Jun Wang, Jun Wang,
Supervised hashing with . . . Rongrong o
16 Kernels CVPR2012 Rongrong Ji, 2012.7 Wei Liu Wei Liu Ji 181 | 637 b
Yu-Gang Jiang, Yu-Gang
Weakly-supervised Yadong Mu, Yadon Yadon Yad
17 Carlysup CVPR2010 JialieShen , 2010.6 J J aong | 42 | 135 | R
hashing in kernel space Mu Mu Mu

Shuicheng Yan




Xianglong Liu, Xianglong
Junfeng He, Xianglong | Xianglong | Liu, Chen
18 Collaborative hashing CVPR 2014 J 2014.6 g g g J g 8 37 &
Cheng Deng, Liu Liu Deng, Bo
Bo Lang Lang
Non-metric Yadong Mu, Yadong Yadong Yadong
19 . L : AAAI.2010 . 2010.7 6 44 &
locality-sensitive hashing Shuicheng Yan Mu Mu Mu
Di Wang, Di Wang,
Semantic topic XinboGao Xinbo Gao,
20 multimodal hashing for 1JCAI 2015 2015.7 Di Wang Di Wang Xiumei 15 34 &
cross-media retrieval Xiumer Wang, Wang,
Lihuo He

Lihuo He




(2) EZRIRBEEY] H 3%

TP . 4 %
e | st | e | 0| mRs | omRow | b BUFIA RN gjﬁli”i
. T 2RI A Z1.2014100852 P22 LR 2984 N
1 KR TS, i [ X 2017-02-15 2378048 o - H
. K2 PR v i Z1.2014100324 V45 TR A s N
20 KR im0 16.1 2016-01:23 | 2295361 oot | O~
BT ZELFNE ‘ . X
77 ; X
3 - L 1 - ZL2014100293 | o e 2282910 ﬁy%iﬁﬁ 4}@ -
. . 64.2 N EHT I
Ry FRE TV
BT 2 mind E \ X
. . P
o | mwew | mawmegsn | ommE | P07 oie0s e | ootizeo | PEETHE] Ak i
-y 40.4 K R
HEE
BT 2t . . y
; X
5 RHILA e SCHF ) R B Y SHEd nmﬁﬁmm 2016-11-02 2285600 @ﬁiiﬂﬁ fé%ﬁ EEE
P 8 5 W7 7 ' o
BT R B IR FEEAR N : FFHE
6 iR AL T 1 R A v ] 212014105780 2017-07-28 2565909 @ﬁ%iﬂﬁ (1951 B
s 40.4 KA s
EWIRIA =TI
BT XA BEH AR N : FF5%E
7 KILH ) BRI R 75 7 g | “HORIOM 0160810 2165301 Eﬁ%iﬁﬁ Ak A
o 89.7 K pe——




8. 2 P4

1.IRAT K FRZAE CVPR14 111 T.{F (Collaborative Hashing) 373 CVPR Young Researcher Support,
B A PEA % T4 “very original and useful functionality”. ACM Fellow, IEEE Fellow, ACM
Transactions on Knowledge Discovery from Data, University of Illinois at Chicago ] Philip S. Yu
B L HAVEFHTE ACM SIGKDD 2016 &3 1) (Deep visual-semantic hashing for cross-modal
retrieval ) & 351 FHIRAT TAE, F-8 HMARBZA RS 7 TERAE. (Many
cross-modal hashing methods...compress cross-modal data in an isomorphic Hamming space [4,
22,44, 45, 33, 37,41, 27, 43, 39, 25, 29].)

2. Z AT 2 ACM MM 2005 A1{5 22 T2 =1 ACM SIGIR 2008 K2 EJ#, ACM
TIS %%Z%, National University of Singapore [ Tat-Seng Chua #(#% & H: &1 7£ ACM SIGIR
2016 /%1 (Discrete Collaborative Filtering) &3¢ GRIFERAERSCIES) B TR HM
A, IF HAP AT AR B v 187 5 b 2% i 5 (CH requires the least hashing time...The
efficiency of CH is owing to its simple design). 7E AAAI 2016 & %1 {Discrete Image Hashing
Using Large Weakly Annotated Photo Collections) 13, E345 H H J7 72 AR LT3R AT
L/E (The idea of using collaborative filtering to handle weakly labeled data is similar to  (Liu et
al.) ...Collaborative Hashing (Liu etal.) is also based on this idea).

3.IEEE. OSA. IAPR DL/ SPIE Fellow, #KF3F The University of Sydney [ Dacheng Tao
I AR R ZRT IEEE TMM 2017 (116 S ¢ Asymmetric Binary Coding for Image Search)
TSI Z BUCAE, FIHM A S g is AR TR, HiE 7 IRATFERS A& 8477 17 B
2Rk, C(In recent years, binary coding (also known as hashing) has become a very popular
research subject in computer vision [13], [16], [20], [22], [23]...and multimedia processing [15],
[24],...)-

4.1EEE Fellow, Z£[E University of Texas at San Antonio 1) Qi Tian #% K & 1EETE KK T
IEEE TIP 2018 HJi£3C (A General Framework for Linear Distance Preserving Hashing) 51 1
TAVZTULAE, WhE €A R BEANS R R 5 B IR I IR, RN ZR T4
M EAEA M, HAW &N SRR A% (In [41], one unified approach to
construct query-adaptive reciprocal hash tables is proposed...to reduce the redundancy between

tables. In [42], a novel query-adaptive hash code fusion based ranking method over multiple tables



with multiple views is proposed) .
5.1EEE. AAAS. SPIE Fellow, JEHRERIA IR L EGEHKET ACM
SIGKDD 2015 113 {Non-transitive Hashing with Latent Similarity Components) 341
WL TAEA 2 R R 5] 7R FEAREER, A%t 70 L REAE 1L CRAIE 4 [3 26 1) [R] I 42 5 25 160
FIHERIZ (In order to improve the recall of hashing and preserve the precision at the same ...
reciprocal hashing learns multiple hash tables by selecting hash functions from a pool of hash
functions that learned by many hashing methods) .
6.IEEE. IAPR Fellow, ik National University of Singapore [f] Shuicheng Yan 4% & &
VEFAERFT arXiv 2017 i8¢ (HashGAN: Attention-aware Deep Adversarial Hashing for
Cross Modal Retrieval) H# JATHIBE T TAEME NSRS IS A 0 AR TAE I EASI  (The
representative works of deepnetwork-based cross-modal hashing includes deep crossmodalhashing
(DCMH)[6], deep visual-semantic hashing(DVSH)[7], pairwise relationship guided deep
hashing(PRDH)[8] and so on.),
7.IEEE. ACM Fellow, [ Columbia University ] Shih-Fu Chang #(#%f1 Google F}%5
Sanjiv Kumar Z5&1F &K FAE Proceedings of the IEEE 2015 f{Ji ¢ (Learning to Hash for
Indexing Big Data—A Survey) 15 E 1 AT B AN 51 75 S 41 v 48 2 &5 R (A 34
(Indexing massive multimedia data,...hashing methods have been extensively studied for image
search and retrieval [29], [41], [69], [129]-[131], and mobile product search [132]). IEEE Fellow
ZETEIS L IAPR Fellow M 81 K5 1FE 5 {E IEEE TMM 2013 %L1 3C (Interactive
Multimodal Visual Search on Mobile Device) # FRIFE U HFRATHE tH 2 51 715 BAK T B 2h i
2 0 &b B BB R {5 A 95 A9 ZER (compressed visual descriptors are proposed to
accommodate the limited processing speed and narrow bandwidth on the phone...In [27],
indexing with bundle of features is introduced in a poster and CD cover retrieval system for
mobile visual search).
8.IEEE Fellow, IEEE TIFS Bt & 46 N S al 4%, 3% University of Illinois at
Urbana-Champaign ff] Pierre Moulin (4% & & {F & £ K £ T arXiv 2016 1) i X
(Variable-Length Hashing) & FRATTIHE 78 TAEAE A s 75 EL AR 20 0 1) 28 8 A i DA
Mk . (Some other hashing methods such as [2, 3, 4, 5, 6, 7, 8], explicitly or implicitly aim at
generating independent bits.); 73455 (1#H L4718 3¢ (Learning compact hashing codes for

large-scale similarity search) FH ¥R FA T TAE 557N TAEAH LLEUAS 7 5814 58 (The more



recent works on multi feature kernel hashing (MFKH) [65] and hash bit selection (HBS) [79] have
shown superior performance over previous art [78, 76]), FF4tx Hi Al B — 453k 4T T /- 44 A0
Wit

9.IEEE. ACM Fellow, [ TF2ktm SChe+- A1 IEEE Fellow, HRHg 50 TR BUAK 2403 & 15
KT Pattern Recognition 2018 113 (Parametric local multiview hamming distance metric
learning) W\ F] " HE AR 2 W Ay I AU R 8 B O T 9T SRR, DO N AR N
BARZ I LA TA/E (In the literature, a few attempts have been made for crossmodal
hashing [5,14,17,25,...], which tried to learn some multi-view distance metric in the hamming

space).
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